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Deep learning-based automatic recognition of components of 2D design drawings
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For the conversion between 2D drawings and BIM models, it takes a lot of time and cost because human workers directly recognize
and classify necessary elements. In this study, we propose a method of automatically recognizing and classifying components in 2D
drawings based on deep learing. In particular, elements were subdivided according to the drawing format to search for optimal
datasets that could increase learning accuracy. As a result, the accuracy of about 68% for searching elements in 2D drawings, and
87% for classifying the searched elements were confirmed. The proposed method is expected to be used as a basis for automatically

generating 2D drawings from BIM models.
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